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Forest Disturbance Automatic Identification Method Based
on Time Series Landsat Image of Tasseled Cap Transformation

ZHANG Lian-hua' > PANG Yong® YUE Caiong' LI Zeng-yuan’
(1. Southwest Forestry University Kunming 650224 China;

2. Research Institute of Forest Information Techniques Chinese Academy of Forestry Science Beijing 100091 China)

Abstract: Forest disturbance is the main course of forest ecological system development which played an
important role of the regional ecological balance and stability. Landsat image not only has the high resolu—
tion of 30m but also has mass of free data acquisition source which is suitable for time series of forest
disturbance information extraction. According to the image spectral features and taking Jinghong city of
Yunnan province as example pure forest training samples was automatic obtained at first then combining
the information of soil brightness vegetation greenness and humidity got from tasseled cap transformation
process the normalized disturbance index image was established finally forest disturbance information
was obtained combining with time series analysis and the accurate was evaluated and verified. The re—

sults showed that the algorithm of training data automation could accurately detect forest disturbance infor—
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mation without seasonal effect and have high precision but how to reduce the impact of seasonal and
some crops still needs further studies.
Key words: time series; Landsat image; disturbance index; tasseled cap transformation; forest disturb—

ance; Jinghong
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Tab. 3  Precision validation confusion matrix of disturbance mapping
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