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Classification of TM Remote Sensing Image Based on Random Forests
of Dayao County

WANG Dong YUE Caitong TIAN Chuan<hao FAN Huai-gang WANG Yue-hui
( Forestry College Southwest Forestry University Kunming 650224  China)

Abstract: Random Forest is a new classification algorithm which is combined with a classifier of multi—
ple decision trees. By using Landsat-TM data of Dayao County Chuxiong Province and taking three
classification methods including maximum likelihood support vector machine and random forest the su—
periority of random forest classifier are analyzed. The results show that the classification precision of sup—
port vector machine and random forest classification is obviously superior to the maximum likelihood and
they have little difference in the precision. At the classified time maximum likelihood is significantly fas—
ter than random forests and support vector machine and support vector machine is the slowest one. Ac—
cording to comprehensive analysis random forest method is the best one it does not only ensure the clas—
sified precision but also guarantee efficiency; it is more suitable for actual production applications.

Key words: random forests; remote sensing image; classification; precision assessment; Dayao County
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Tab.2 Three classifier classification results of each type
. of area m’
i MLC SVM RF
11975400 11144700 11709900
3 595328400 375492600 426258900

2041491600 2396144700 2347138800

587979000 638614800 747175500
3 734066100 582130800 476730000
3 Kappa ( 57963600 25502400 19881000
1) 3
: (2. 0.3% 3
1 3 Kappa ° 2
Tab. 1  Three overall classification accuracy and Kappa 4 3
coefficient of classifier
MLC SVM RF ,
/% 66. 12 75.69 75.39
Kappa 0. 5665 0. 675 0.6732 ’
1
Kappa o
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